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Introduction

The Surface Soil moisture (SSM) being an essential climat variable, it is fundamental to get dataset according the land cover. For this purpose, 3 datasets were used: the European Spatial
homogeneous long term time series and catch both long and natural or human induced short- Agency Climate Change Initiative (ESA-CCI) SSM ([1]), the ECMWFs fifth reanalysis (ERA-5;
scale trends of SSM to improve predictions of the climate trajectory. The objective of this study [2]) and a recent method from Ghilain etal., in prep ([3]) deriving the SSM from the land surface
is to take advantage of different approaches deriving the SSM by using the more appropriate temperature data estimated thanks to thermal infrared sensors aboard geostationary satellites.

Soil Moisture product : New combined approach
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Typical example of potential application
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